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A Executive summary

AI-agent observability is the ability to reconstruct what an agent did, which evidence and tools it used, which 
checks were completed, and who approved the resulting action. For monitoring and evaluation teams, this is 
essential because a technically successful workflow can still produce an incorrect indicator status, an 
unsupported evaluation finding, a misrouted complaint, or a misleading donor narrative.

The central principle

A successful run is not automatically a trustworthy result. Reliability requires visible evidence, explicit quality 
criteria, durable records, and human accountability.

Four principles for production M&E workflows

Principle What it means in practice

Traceability Connect every important output to its input, source, tool call, calculation, rule, and 
reviewer.

Continuous evaluation Test agents before deployment and evaluate live production outputs for drift and emerging 
failure patterns.

Proportionate oversight Use more stringent checks and approval gates as the potential consequence of an error 
increases.

Learning and adaptation Turn corrections, rejected outputs, incidents, and unusual cases into new tests and 
workflow improvements.

Use this handbook when you are...
 Designing or reviewing an AI agent for indicator tracking, data quality, qualitative analysis, evaluation 

synthesis, donor reporting, or accountability workflows.
 Moving an AI prototype into routine organisational use.
 Creating governance requirements for AI-supported M&E decisions.
 Developing test cases, quality rubrics, audit logs, approval gates, or incident-review processes.
 Assessing whether an existing automation provides enough evidence for professional review.
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B Contents and reading paths

Contents
Section Focus Practical outcome

1 Why observability matters in M&E Hidden failures and development-sector consequences

2 An M&E theory of agent reliability Theory of change, assumptions, indicators and learning loops

3 The observability framework Observability, evaluation, auditability and governance

4 The minimum trace and audit trail Information required to reconstruct a production run

5 Continuous evaluation Offline testing, online evaluation, metrics and rubrics

6 Risk-based human oversight Approval gates, escalation and prohibited automation

7 Building the workflow A ten-step implementation method

8 Worked M&E applications Indicators, qualitative evidence, community feedback and donor 
reporting

9 Data protection and ethical safeguards Minimisation, access, retention and confidentiality

10 Implementation roadmap and templates 30-60-90 day plan, reusable forms and deployment checklist

Suggested reading paths

Reader Start with Then use

M&E or MEAL specialist Sections 1-5 Worked examples and scorecards

Programme manager Sections 1, 3 and 6 Approval table and deployment checklist

Evaluation consultant Sections 2, 5 and 8 Finding-trace template and qualitative example

Automation builder Sections 3, 4 and 7 Audit-log fields, validation and escalation steps

Data protection or 
governance lead

Sections 4, 6 and 9 Risk matrix, access and retention controls
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1 Why observability matters in M&E

Technical success can hide substantive failure
Conventional workflow monitoring answers questions about uptime, latency, failed API requests, and 
completed executions. These signals are necessary, but they do not establish that an agent interpreted 
evidence correctly or followed the required M&E process.

A hidden failure

An indicator agent may retrieve a dataset successfully, calculate a number, and produce a fluent explanation 
while using an outdated target or the wrong reporting period. The workflow succeeds technically but fails 
substantively.

Common hidden failures

Workflow Invisible failure Possible consequence

Indicator tracking Wrong target version or reversed indicator 
direction

An off-track result is reported as on track.

Qualitative analysis Minority or contradictory views are omitted A theme is overstated and programme learning 
is distorted.

Evaluation synthesis One source is treated as triangulated evidence A weak claim becomes a formal finding.

Community feedback A protection concern is routed as general feedback Urgent action is delayed.

Donor reporting Data-quality limitations are excluded The narrative presents more certainty than the 
evidence allows.

Adaptive management A hypothesis is recorded as a confirmed cause Management acts on an untested explanation.

Why development-sector workflows are especially exposed
 Data may arrive late, contain gaps, or be produced by several partners using different definitions.
 Evidence may be multilingual, politically sensitive, confidential, or collected under access constraints.
 Qualitative evidence may require contextual interpretation that cannot be reduced to frequency counts.
 Outputs may influence funding, eligibility, safeguarding, partner relationships, public reporting, or 

programme adaptation.
 The same erroneous output may be reused by several downstream agents, making the original problem 

difficult to locate.
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2 An M&E theory of agent reliability

The diagram treats an AI workflow as an intervention with inputs, activities, outputs, users, assumptions, 
risks, and intended outcomes. Observability tests whether the expected pathway occurred; evaluation tests 
whether the pathway produced an acceptable result.

Key assumptions to monitor

Assumption How it can fail Observable control

Evidence is current The agent retrieves a superseded logframe 
or draft report

Log version, approval status, owner and retrieval date.

Definitions are aligned Partners use different meanings for the 
same indicator

Record indicator sheet, unit and calculation rule.

The agent has adequate 
context

A local practice or programme constraint is 
missing

Require context fields and route uncertain cases to 
review.

Tools return substantive 
results

An API succeeds but returns zero or 
incomplete records

Validate record count, required fields and expected 
period.

Human review is effective Reviewers approve outputs without seeing 
evidence or warnings

Show evidence, scores, warnings and required decision 
fields.

Feedback improves the 
workflow

Corrections remain in email threads and 
never reach tests

Capture corrections and convert them into regression 
cases.

Suggested performance indicators

Indicator Definition Why it matters

Reviewer acceptance rate Outputs accepted without substantial revision / 
outputs reviewed

Tracks practical usefulness, not only 
technical completion.

Unsupported-claim rate Outputs containing at least one material claim without 
valid evidence

Detects groundedness failures.

Correct escalation rate High-risk cases sent to the required human reviewer / 
high-risk cases

Measures governance performance.

Calculation error rate Runs with a verified numerical error / runs containing Monitors deterministic reliability.
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Indicator Definition Why it matters

calculations

Source freshness rate Runs using the latest approved source / runs requiring 
source retrieval

Detects stale-evidence risk.

Correction recurrence Repeated occurrences of an already-known failure 
pattern

Shows whether learning is reaching 
production.

3 The observability framework

Observability
Observability records the path taken by the agent: inputs, authorised sources, retrievals, tools, decisions, 
calculations, validations, warnings, costs, intermediate outputs, and final output. It answers: What happened?

Evaluation
Evaluation measures whether the output met a defined quality standard. It separates dimensions such as 
correctness, groundedness, completeness, classification accuracy, methodological appropriateness, equity, 
compliance, and usefulness. It answers: Was the result acceptable?

Auditability and governance
Auditability preserves a durable and queryable record. Governance defines who may access that record, 
which actions require approval, who is accountable, how incidents are investigated, and when a workflow 
must stop. It answers: Was the action appropriately controlled?

Important distinction

Observability does not require storing an unrestricted narrative of private model reasoning. Structured 
evidence references, tool calls, selected routes, validation results, confidence labels, and reviewer decisions 
are more useful for professional accountability.
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A practical evidence chain

Stage Example

Evidence Attendance among rural participants decreased by 18%.

Interpretation Transport barriers may be contributing to the decline.

Hypothesis Seasonal road conditions may have reduced access.

Recommendation Compare attendance with travel-time and seasonal-access data.

Decision Test mobile service delivery in two locations.

Action Launch a time-limited pilot and monitor participation.

4 The minimum trace and audit trail

What one production run should record
Record group Minimum fields

Run identity Unique run ID; workflow name and version; date and time; initiating user or system; test or production 
environment.

M&E context Programme or project; country or location; result, indicator, evaluation question, complaint or case ID; 
reporting period.

Configuration Model; prompt and system instruction version; enabled tools; retrieval settings; relevant parameters.

Input Original request; source record IDs; required fields; consent or permission status; sensitivity classification.

Execution Tool calls; parameters; responses; selected route; calculations; retries; skipped steps; warnings; duration.

Evidence Document and dataset IDs; version; approval status; reporting period; source owner; excerpts or row 
references.

Evaluation Deterministic checks; scores by dimension; limitations; risk classification; reviewer comments.

Decision Proposed action; approval requirement; reviewer; decision; requested changes; date and time.

Output Original draft; revised version; final approved output; destination; delivery status; retention category.

Minimum audit-log example

Field Example

Run ID AGENT-2026-00451

Workflow Monthly Indicator Review v2.3

Context Youth Employment Programme - OUT-2.1 - Q2 2026

Sources Approved target sheet v4; partner report Q2; data-quality note

Checks Required fields passed; period matched; one disaggregation warning

Scores Correctness 5; groundedness 4; completeness 3

Risk and review Medium risk; approved after the limitation was added
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Field Example

Final action Narrative stored in the reporting workspace

Design rule

A trace is useful only when it supports a concrete review question. Avoid collecting large volumes of 
information that no one is authorised, trained, or expected to examine.

5 Continuous evaluation

Offline evaluation before deployment
Offline evaluation runs the agent against curated cases with expected results. It supports repeatable tests in 
development and CI/CD processes and helps compare prompts, models, tools, and workflow changes.

 Include normal cases, missing data, conflicting sources, outdated documents, multilingual inputs, unusual 
values, and high-risk classifications.

 Use previously reviewed M&E records where permissions allow, and anonymise sensitive information.
 Test both the final output and the execution path: required tools, checks, evidence and approval route.
 Retain failed cases so they can be rerun after each material workflow change.

Online evaluation in production
Online evaluation examines live outputs, reviewer corrections, user feedback, edge cases and drift. It 
captures failure patterns that the original test dataset did not anticipate.
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Quality dimensions

Dimension Core evaluation question

Correctness Are values, facts, classifications, calculations and conclusions accurate?

Groundedness Are material claims supported by current, authorised evidence?

Completeness Are all mandatory elements, limitations and disaggregations present?

Helpfulness Does the output meet the user’s actual decision, reporting or learning need?

Methodological quality Is the analytical or evaluation method appropriate and correctly interpreted?

Equity and inclusion Are relevant differences between groups visible rather than hidden by aggregates?

Compliance Were consent, confidentiality, safeguarding, donor and organisational rules followed?

5A Evaluation rubric and scorecard

A practical 0-5 scale
Score Interpretation Default action

0 Missing, harmful or completely unacceptable Block the output and escalate immediately.

1 Major failure requiring complete revision Reject, record the incident and investigate the 
workflow.

2 Significant problems requiring substantial correction Mandatory human review before any use.

3 Acceptable only after moderate revision Revise, recheck and approve.

4 Good with minor corrections Minor review; proceed according to risk level.

5 Fully meets the defined standard Proceed only if the risk and approval rules allow it.

Example scorecard for an indicator-review agent

Dimension Threshold Evidence of performance

Numerical correctness 5 Independent formula check matches the agent output.

Groundedness 4 or higher Each material statement points to an approved source record.

Completeness 4 or higher Result, target, variance, limitation, disaggregation and next action are 
included.

Classification accuracy 5 Traffic-light status follows the approved rule.

Compliance 5 No unauthorised data, tool or action is used.

Helpfulness 4 or higher Reviewer can understand the issue and the proposed follow-up.

Do not average away critical failures

A high overall average cannot compensate for a safeguarding misclassification, a wrong financial calculation, 
or unauthorised disclosure. Define non-negotiable dimensions that must always pass.
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Combine evaluation methods

Method Best used for Limit

Deterministic checks Fields, IDs, dates, formulas, totals, required tool calls, source 
versions

Cannot assess nuanced interpretation or 
usefulness.

Model-based scoring Groundedness, clarity, completeness, consistency and 
relevance

Requires a rubric and must not become the 
sole authority.

Human review High-stakes findings, safeguarding, public reporting, 
recommendations and programme decisions

Can be inconsistent or superficial if 
reviewers lack time and evidence.

User feedback Practical usefulness, recurring corrections and unexpected 
needs

Often incomplete unless feedback is easy 
and structured.

6 Risk-based human oversight

The level of human control should increase with both the likelihood of error and the potential consequence. 
Low-risk administrative tasks may proceed after validated checks. High-impact actions should pause for 
explicit approval, and some uses should remain prohibited.

Typical control levels

Control Appropriate examples

Automate after validation Formatting approved text; checking required report sections; generating internal meeting 
questions.

Review before use Draft indicator commentary; initial qualitative coding; suggested follow-up questions; internal 
summaries.

Explicit approval before Donor submissions; partner ratings; changes to approved values; public evaluation findings; 
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Control Appropriate examples

action beneficiary contact.

Block or prohibit Autonomous safeguarding decisions; deletion of sensitive records; unauthorised disclosure; 
eligibility or funding decisions without accountable human review.

What the reviewer should receive
 The proposed output or action in a concise, reviewable format.
 The source records and evidence supporting the proposal.
 Quality scores, warnings, failed checks and unresolved uncertainty.
 The consequence of approval and the destination of the output.
 Clear options to approve, edit, reject, escalate, or request more evidence.
 A required reason for decisions involving high-risk or sensitive cases.

7 Building the workflow

A ten-step implementation method
1. Define the decision. Specify the output, intended user, next action, consequence of error, and 

accountable owner.
2. Map the expected path. List every required input, retrieval, tool, calculation, validation, route and 

approval.
3. Identify hidden failures. Ask what could be wrong even when every API returns a successful response.
4. Restrict sources and tools. Give the agent only the authorised data, tools and actions needed for the task.
5. Validate the input. Check IDs, dates, reporting periods, consent, permissions, required fields and 

sensitivity.
6. Separate deterministic work. Use code or rules for formulas, totals, date comparisons, required fields and 

routing thresholds.
7. Evaluate the output. Score quality dimensions and apply non-negotiable thresholds.
8. Classify the risk. Select automatic, review, approval, escalation or prohibited handling.
9. Execute and record. Perform only the approved action and preserve the evidence, decision, revision and 

destination.
10. Learn from production. Convert corrections, rejected outputs, incidents and edge cases into tests and 

design changes.

Example node sequence in n8n or another platform

Node or stage Purpose

Trigger Receive a scheduled task, form, file, database update or evaluation test case.

Input validation Verify IDs, fields, dates, consent, permissions and sensitivity.

Data retrieval Retrieve approved data, indicator sheets, templates, reports and policies.

AI agent Use authorised tools to analyse, classify or draft.

Rule and calculation checks Verify formulas, totals, periods, required tools, citations and document versions.

Evaluation Score quality and identify limitations.

Risk routing Determine automatic action, human review, approval, escalation or block.
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Node or stage Purpose

Action Store, send, publish or update only when permitted.

Audit log and alert Preserve the record and notify responsible staff when thresholds fail.

Useful alert

“The indicator-review agent classified OUT-3.2 as on track without retrieving the approved 2026 target. The 
output has been blocked and routed to the M&E manager.”

8 Worked M&E applications

Application 1: Indicator tracking and early 
warning
An indicator agent receives the definition, baseline, target, current value, reporting period, disaggregation, 
means of verification, previous result, data-quality status and partner explanation.

Expected trace
11. Validate fields and versions. Confirm the indicator ID, indicator sheet, target version, unit and reporting 

period.
12. Check the calculation. Apply the approved formula and independently verify the result.
13. Review data quality. Identify missing data, inconsistent periods, late reporting, duplicates and 

disaggregation gaps.
14. Classify performance. Apply the approved traffic-light or risk rule.
15. Draft the explanation. Separate evidence, interpretation, uncertainty and proposed follow-up.
16. Route for review. Escalate unusual changes, sensitive indicators, weak evidence and proposed 

management actions.

Hidden failures and controls

Hidden failure Control

A quarterly value is treated as cumulative Log the reporting basis and compare it with the indicator sheet.

A decreasing indicator is interpreted as improving Record and validate the direction of improvement.

A partner explanation is repeated as fact Label it as a partner explanation and seek corroborating evidence.

A data-quality problem becomes a performance judgement Separate data-quality status from programme-performance status.

Aggregate progress hides unequal results Require the relevant sex, age, disability, location or other 
disaggregation.

Example output structure

Result and target; status; calculation; evidence source; data-quality limitation; explanation; alternative 
explanation; follow-up question; reviewer requirement.
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8A
Worked applications: qualitative evidence and 
evaluation

Application 2: Qualitative coding and evidence 
synthesis
A qualitative agent may transcribe, translate, code, identify themes, extract outcomes, compare stakeholder 
perspectives, or populate an evidence matrix. The output must remain traceable to the source excerpts and 
codebook version.

Trace field Why it matters

Source or transcript ID Connects each code and claim to a specific record.

Consent and access status Prevents use outside the permitted purpose.

Language and translation version Makes interpretation and translation risk visible.

Codebook version Explains coding differences over time.

Assigned code and supporting 
excerpt

Allows human verification.

Alternative interpretation and 
contradictory evidence

Reduces confirmation bias and overgeneralisation.

Reviewer correction Creates learning data for future tests.

Quality checks
 Do not treat frequency as the same as importance.
 Do not convert one quotation into a general finding.
 Retain negative cases, minority perspectives and contradictory evidence.
 Verify that quotations are exact and were not invented or reconstructed.
 Review whether translation changed culturally or technically important meaning.
 Keep evidence, interpretation, evaluator judgement and recommendation as separate fields.

Application 3: Evaluation findings and 
recommendations
For each proposed finding, the workflow should record the evaluation question, criterion, source, 
stakeholder group, evidence strength, contradictory evidence, limitation, evaluator judgement, reviewer 
decision and final wording.

Minimum finding rule

A finding should not be labelled “triangulated” merely because several documents repeat the same underlying 
claim. The workflow should identify source independence and method diversity.
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8B Worked applications: accountability and reporting

Application 4: Beneficiary feedback and 
complaints
An accountability agent may classify requests for information, service complaints, suggestions, appreciation, 
staff-conduct concerns, fraud allegations, safeguarding concerns and urgent referrals.

Required record Example

Case identity Feedback ID, date, channel and programme.

Consent and sensitivity Consent status, personal-data level and confidentiality restriction.

Classification Initial category, confidence, sensitivity and alternative category.

Routing Assigned team, escalation route, response deadline and notification status.

Human decision Reviewer, final category, reason, action and closure status.

Non-negotiable safeguard

Safeguarding, abuse, exploitation, protection, fraud and retaliation risks should be routed to trained 
personnel. Automated classification may assist triage but must not become the sole decision maker.

Application 5: Donor and management 
reporting
A reporting agent may retrieve approved results, compare progress with targets, select qualitative evidence, 
draft a narrative and place it into a template. The trace should reveal every source, calculation and limitation 
behind the final text.

Required element Observable question

Result and target Which approved values and reporting periods were used?

Variance explanation Is the explanation evidence, interpretation or an untested hypothesis?

Data quality Were missing values, delays, coverage or verification limitations included?

Equity Do aggregate results hide important differences between groups or locations?

Evidence citations Does each material claim point to an authorised source?

Approval Who reviewed the numbers, evidence and final narrative before submission?
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Required element Observable question

9 Data protection and ethical safeguards

An audit trail should not become a new data 
risk
M&E systems may contain names, phone numbers, precise locations, health or disability information, 
protection cases, political opinions, migration status, household data, complaints, interview transcripts, staff 
information and allegations of misconduct. Observability must follow data minimisation and purpose 
limitation.

Practical safeguards

Safeguard Implementation

Minimise Record only the information required to investigate quality, accountability or compliance.

Pseudonymise Use case, participant, transcript or submission IDs rather than names where possible.

Separate Keep technical metadata separate from sensitive content and restrict access independently.

Encrypt Protect stored logs and data in transit using approved organisational infrastructure.

Control access Apply role-based permissions and log access to sensitive audit records.

Limit retention Define different retention periods for technical traces, evaluation records and sensitive evidence.

Restrict tools Prevent confidential data from being sent to unauthorised models, plugins or external services.

Review incidents Create a documented process for unauthorised disclosure, harmful output and control bypass.

Questions before storing a field
 Is this field necessary to investigate a failure or demonstrate accountability?
 Could a reference, hash, category or pseudonymous ID replace the raw content?
 Who is authorised to view it, and is that access technically enforced?
 How long must it be retained, and what triggers deletion?
 Could the field expose a participant, staff member, partner or community to harm?
 Does the collection comply with consent, purpose and organisational policy?
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10 Implementation roadmap

A 30-60-90 day implementation plan
Period Priority Deliverables

Days 1-30: Define Select one workflow and establish 
the baseline.

Named owner; workflow map; risk assessment; approved sources; 
mandatory steps; 20-40 initial test cases; draft audit fields.

Days 31-60: Build and 
test

Implement tracing, checks, 
evaluation and approval gates.

Versioned prompt; deterministic validation; scorecard; reviewer 
interface; alerts; incident procedure; offline evaluation results.

Days 61-90: Pilot and 
learn

Run controlled production use and 
examine real corrections.

Pilot dashboard; weekly review; anonymised production test cases; 
revised thresholds; access and retention controls; go/no-go 
decision.

A minimum governance team

Role Core responsibility

Workflow owner Defines the purpose, acceptable use, users, decision and operational performance.

M&E method lead Defines evidence requirements, quality rubric, indicators and methodological checks.

Technical builder Implements tools, tracing, validation, version control, alerts and security controls.

Data protection or safeguarding 
lead

Reviews sensitive data, access, retention, escalation and prohibited use.

Human reviewer group Reviews sampled and high-risk cases and records decisions consistently.

Management sponsor Accepts residual risk, allocates resources and approves production use.

Start narrow

A small, well-observed workflow is more valuable than a broad agent whose sources, decisions and actions 
cannot be reconstructed.
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T1 Template: M&E agent audit record

Complete one record for each material 
production run
Field Entry

Run ID / date / environment

Workflow and version

Programme / project / country

Indicator, evaluation question, report or case ID

Reporting period

Initiating user or trigger

Input and sensitivity classification

Model, prompt and tool versions

Sources and evidence retrieved

Calculations and rules applied

Warnings, missing data or contradictory evidence

Quality scores

Risk classification

Reviewer and decision

Changes requested

Final action and destination

Retention and deletion category
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T2 Templates: test case and approval review

Offline or regression test case
Field Entry

Test case ID and category

Scenario and user need

Input records

Expected tools and workflow route

Expected output or acceptable range

Evidence that must be used

Known risks or edge case

Deterministic checks

Minimum scores by dimension

Expected approval or escalation

Actual result

Pass, fail and correction required

Human approval review
Reviewer question Decision / note

Are the required sources current and authorised?

Do the calculations and classifications match the approved rules?

Are evidence, interpretation and hypothesis clearly separated?

Are limitations, uncertainty and contradictory evidence visible?

Could the output harm, mislead or expose a person or organisation?

Does the action comply with consent, policy and the reviewer’s authority?

Approve, edit, reject, escalate or request more evidence?

Reason for decision
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C Pre-deployment checklist

Do not move the agent into production until...
☐ The task, user, decision, next action and accountable owner are clearly defined.

☐ Approved sources, tools and actions are documented and technically restricted.

☐ The model, prompt, workflow, rules and source versions are recorded.

☐ Mandatory execution steps are visible in the trace.

☐ Calculations, dates, totals, IDs and required fields are independently checked.

☐ Output-quality dimensions and non-negotiable thresholds are documented.

☐ Normal, incomplete, contradictory, multilingual and high-risk cases have been tested.

☐ High-impact actions pause for the correct human reviewer.

☐ Reviewers receive the evidence, warnings, scores and consequence of approval.

☐ Sensitive data is minimised, pseudonymised, encrypted and access-controlled.

☐ Retention, deletion, incident and control-bypass procedures are defined.

☐ Production corrections and rejected outputs can become new regression tests.

☐ A monitoring dashboard includes substantive quality, not only uptime and latency.
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☐ The organisation can pause or disable the workflow quickly.

☐ Management has accepted the residual risk and approved production use.
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N Reflection, next steps and source

Reflection questions
17. Which failures in your current M&E workflows could remain invisible because no technical error occurs?
18. Which AI outputs could affect participants, funding, safeguarding, partner relationships or public 

accountability?
19. Can every material claim in an AI-generated output be traced to current, authorised evidence?
20. Which decisions should always remain under human control?
21. How will reviewer corrections become new test cases rather than remain isolated edits?
22. Does your audit trail preserve enough evidence for accountability without retaining unnecessary sensitive 

data?

Key lesson

The objective is not to eliminate uncertainty from monitoring and evaluation. It is to make an agent’s 
evidence, actions, limitations and decisions visible enough for professionals to review, challenge and improve 
them.

Continue learning with EvalCommunity Academy
AI in Monitoring & Evaluation Certificate: https://academy.evalcommunity.com/courses/ai-in-monitoring-
evaluation-me/

AI Agents for Evaluators Certificate: https://academy.evalcommunity.com/courses/ai-agents-for-
evaluators-certificate/

Source and adaptation note
This handbook was informed by the n8n article “Observability for AI Agents: Building Audit Trails, 
Monitoring, and Evaluation into Production Workflows,” published July 8, 2026. EvalCommunity Academy 
independently reorganised, expanded and adapted the concepts for monitoring, evaluation, accountability, 
learning, humanitarian action and international development practice.

This publication is an educational resource. Organisations should adapt the controls to their legal obligations, data-
protection requirements, safeguarding procedures, donor rules, technical architecture and risk environment.

https://academy.evalcommunity.com/courses/ai-in-monitoring-evaluation-me/
https://academy.evalcommunity.com/courses/ai-in-monitoring-evaluation-me/
https://academy.evalcommunity.com/courses/ai-agents-for-evaluators-certificate/
https://academy.evalcommunity.com/courses/ai-agents-for-evaluators-certificate/
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